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Medical image fusion method
based on dense block and deep
convolutional generative
adversarial network
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Structure
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Generator Decoder

MRT?2 image Fusion image
MRGAD (Magnetic Resonance Gradient
Echo with Automatic Detection)
MRT2 (Magnetic Resonance T2-weighted
Imaging)



The framework of generator
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Fig. 2 The framework of generator



The framework of generator

e G: Encoder + Feature Fusion Layer + Decoder ZH
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The framework of generator
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Fusion Layer
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Limitations of Lmax
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Discriminator

© HE RENEFEERESEBEECT-MRI, MRGAD-MRT2FEKRY E# 7. MRGADFIMRI2!E TRHIRMER, HAT2E (6 st iR 5] 4. MRTZE
EgﬁﬂﬂéﬂmZIEﬂTZfﬂl_l:?’A‘?iE']ﬁH% fMGAD ($L-DTPA) EXTH: i, TTATIEEMRIBER . IAMRGAD-MRT24f, MRT2EZEEEBHNAGZATER.

« ¥ 7|zSDAIRZAZHM: TEﬁi)ﬂZE’JFUSIon Image ZE{R BBk Low-res Image %
EBiE BRIEIR, S oJgE{REE High-res Image E’Jlifﬁﬂm,w ]liel EEHJZE’]ZT?K

FHigh-res Image # FI{E DM AEIR. T HIBIS SR B HETH %

MRT?2 im:igg Fusion ima_gs




Discriminator
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Train & Test
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Fig. 3 The framework of test process



Result
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Comparison of the fusion results obtained by using the
different methods on the two groups of MRGAD-MRT2 experimental
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Comparison of the fusion results obtained by using the
different methods on the two groups of CT-MRPD experimental

images
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Poor cases
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* Epoch analysis

* Parametric analysis

* Subjective analysis

* Objective analysis

* Algorithm analysis

* Algorithm limitation analysis
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« ZRE S ( Multi-scale Prior)

- HER NIt H ( Sparse Representation Prior )
. Bkt ( Low-rank Prior )

« ZERABBIMESESE ( Structural Similarity Prior )
« X HFSSE% ( Adversarial Learning Prior)
« RKENHAK ST ( Perceptual Loss Prior )

« DI B 554 ( Bayesian Prior )
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 Equivariant Multi-Modality Image Fusion (CVPR2024)
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Work plan
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